Introduction

39
Single-cell analysis has been called ''the new frontier in Omics'' 40 [1] . For a variety of reasons and using a variety of techniques, 41 researchers are analyzing cellular heterogeneity by collecting 42 genomics data at single-cell resolution [2] . Relying on average 43 measurements will often be misleading when the cells being stud-44 ied are heterogeneous. By applying single-cell techniques, the role 45 of cell heterogeneity in complex phenomena such as stem cell dif-46 ferentiation and cancer development can now be directly assessed. 47 In the study of single-cell gene expression, one of the most pro- 48 vocative findings is that eukaryotic transcription occurs in pulses. 49 This is shown most directly by the results of Chubb et al. [3] . They conclude that eukaryotic transcripts are produced in short but in- 74 tense bursts interspersed with intervals of inactivity during which 75 transcript levels decay. Up-or downregulation of transcription can 76 be accomplished by changing either burst size or burst frequency. 77 Bengtsson et al. [5] that any reaction will contain at least one molecule (see Fig. 4A ). produce DDC T values within ± 1.5.'' Results of a simulation testing the robustness of using data from 96 assays to estimate the median expression level per cell. The details of the simulation are described in Section 2.8.4. The x-axis plots the number of randomly selected assays (out of 96 assays) that were used to determine a median Log 2 Ex value for each cell. These median Log 2 Ex values were used to normalize the results for two batches of 96 single cells. The y-axis is a measure of how well the results from the two batches of cells correlate after normalization. The blue horizontal line is at a Pearson correlation value of 0.95.
